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Abstract

Numerous studies have investigated bacterial community structure in grassland ecosystems and bacterial community responses
to human management at various spatial and temporal scales; however, research on soil bacterial community assembly dynamics
in the course of grassland degradation is limited. Here, the authors investigate the response and assembly processes of bacterial
communities adopted in two grasslands with different degrees of degradation. Stochastic processes dominated bacterial commu-
nity assembly processes in response to grassland degradation, with the bacterial diversity decreasing; however, functional gene
diversity increased. Furthermore, different phyla exhibited distinct response strategies: Proteobacteria and Bacteroidetes, as
r-strategists, exhibited positive responses, with increases in diversity, abundance, and niche width with an increase in grassland
degradation, enhancing biodiversity and productivity; other phyla (mainly Acidobacteria) exhibited greater phylogenetic disper-
sion and functional redundancy, and less niche overlap, highlighting the role of K-strategy in improving community resource-use
efficiency in response to resource loss in degraded grasslands. The transition from K- to r- strategy in bacterial communities
following grassland degradation could help communities adapt to environmental disturbance in the form of nutrient loss. The
results of the present study enhance our understanding of how nutrient loss in natural grassland ecosystems leads to shifts in

bacterial community composition and assembly processes mediated by different response strategies of different phyla.

1. Introduction

Grasslands are rich natural resources and cover approximately 40% of the global land surface (Hu et al.,
2016). Grassland host biodiversity, and participate in climate regulation, carbon (C) sequestration, water
purification, and erosion control, among other functions, which are critical ecosystem services and are es-
sential for ecological stability (Habel et al., 2013; Bengtsson et al., 2019; Lyu et al., 2020). However, due to
climate change and human activity, almost a half of the grassland ecosystems are undergoing degradation
(Gang et al., 2014), with subsequent biodiversity loss and ecosystem function impairment (Han et al., 2020).

Soil microbial communities regulate soil biogeochemistry and ecological function (Morin & McGrady-Steed,
2004; Yang et al., 2013). Researchers have previously attempted to elucidate the responses of microbial
communities to grassland degradation, which could facilitate the restoration of degraded grassland ecosystems
(Yao et al., 2018; Han et al., 2020; Raiesi & Salek-Gilani, 2020).

The diverse micro habitats and available nutrient resources in grasslands potentially influence soil microbial
community structure (Maharning et al., 2009). In addition, shifts in vegetation composition and soil charac-
teristics in the course of grassland degradation can influence soil microbial community structure and activity
(Bardgett et al., 2001; Yao et al., 2018; Han et al., 2020). Plant growth and development are highly cor-
related with soil factors, so that plant activities can indirectly influence soil microbial community structure
through their influence on soil factors (Ke et al., 2015; Chen et al., 2016; Yao et al., 2018; Widdig et al.,



2020). Furthermore, soil nutrient conditions directly influence soil microbial community structure (Yang et
al., 2013; Wang, Wang, et al., 2018, Widdig et al., 2020). As elements essential for microbial metabolism, C
and nitrogen (N) can regulate soil microbial community diversity and composition based on their contents
in soil (Siciliano et al., 2014; Delgado-Baquerizo et al., 2016; Liu, Jiang, et al., 2020; Widdig et al., 2020).
Soil C content can influence microbial biomass and indirectly influence microbial diversity, which is a major
mediator of the relationship between soil microbial diversity and biomass across different biomes (Bastida
et al., 2021). N accumulation in soil can cause bacterial diversity loss since some microorganisms are not
adapted to nutrient-rich and acidic environments (Nie et al., 2018; Wang, Liu, et., 2018; Liu, Jiang, et al.,
2020). Additionally, soil pH could influence bacterial community diversity and composition (Zhalnina et al.,
2015; Ren et al., 2018; Tan et al., 2020; Widdig et al., 2020), nutrient solubility and availability (Zhalnina et
al., 2015), and bacterial interactions and biological activity (Rashid et al., 2014; Fan et al., 2018), in addition
to regulating soil microbial community assembly processes (Fan et al., 2018; Tan et al., 2020; Widdig et al.,
2020).

Previous studies that have investigated the influence of soil nutrient loss on soil microbial community struc-
ture under grassland degradation have concluded that soil nutrients regulate microbial biomass, diversity,
and community composition in grasslands (Hu et al., 2014; Dong, Shi, et al., 2021); however, it is not clear
how microbial community assembly in turn respond to grassland degradation. Some studies have suggested
that the reason for the microbial community dynamics in degraded grasslands are associated with different
responses of different phyla to soil nutrient loss and decrease in available substrate (Delgado-Baquerizo et al.,
2016; Dong, Shi, et al., 2021); furthermore, biotic interactions such as facilitation, niche complementation,
and competition, as major drivers of community assembly (Dong et al., 2019), influence the responses of
microbial communities to modulate resource-use efficiency (Yu, Polz, et al., 2019).

Distinct life strategies also help microbial communities to better respond to changes in environmental con-
ditions (Ho et al., 2017; Vadstein et al., 2018; Li et al., 2021; Wang, Zhang, Li, et al., 2021). The balance
between r -selection and K -selection strategies in a community determines the productivity levels of com-
munities and the survival of individuals (Pianka, 1970; Reznick et al., 2002; Ye et al., 2018). In addition,
soil microorganisms in arid ecosystems tend to host oligotrophic communities rather than copiotrophic com-
munities, highlighting the potential of oligotrophic microbial communities to serve as rich sources of novel
functions under resource scarcity (Chen et al., 2021). In contrast, the accumulation of soil nutrients such as
N promotes a more active copiotrophic community as a result of the shift in microbial phylogenetic, metage-
nomic and catabolic responses (Fierer et al., 2012). Such studies highlight the importance of microbial life
strategies in facilitating responses to environmental change. Therefore, considering the underlying mecha-
nisms via which microbial communities respond to grassland degradation remain poorly understood (Luo
et al., 2020; Dong, Shi, et al., 2021; Ren et al., 2021), more studies should explore the response strategies
of communities and the dominant community assembly processes in the course of grassland degradation to
elucidate the responses of microbial communities across environments with different levels of degradation
(Yang et al., 2013). The results of such studies could facilitate further studies as well as grassland ecosystem
management activities.

In the present study, we collected soil samples from two grasslands with different degrees of degradation
and analyzed the variation in community diversity, composition, and function, in addition to niche breadth
and phylogenic turnover among different phyla across resource gradients under grassland degradation. Our
specific objectives were to investigate (a) the dominant response dynamics and bacterial community assem-
blages in degraded grasslands and (b) the dominant response strategies among various soil bacterial taxa.
The results of the present study could provide a theoretical basis for further studies on microbial dynamics
in degraded grasslands and facilitate grassland management activities.

2. Materials and Methods
2.1 Sample collection

Soil samples were collected from Yudaokou prairie in Chengde city, Hebei province, China. The prairie has a



total area of 1,000 km?, with an altitude of 1200-1800 meters. It is located in a region with a cold temperate
continental monsoon climate with an average annual temperature of 3°C. Our sampling was carried out in
August, and the daytime temperature was 15-30 degrees. Some areas displayed obvious degradation due
to overgrazing. To ensure the accuracy and repeatability of the research results, two grasslands in which
vegetation cover was reduced significantly to different degrees were employed (Figure S1) . Grassland 1
(G1) was dominated by a perennial herb species, Bothriochloa ischaemum (L.) Keng, whereas grassland 2
(G2) was dominated by an annual herb species, Polygonum aviculare L. Based on the different vegetation
landforms, G1 (ca. 1400 m, 42°21’ N; 117°7’ E) was classified into six levels of degradation with each plot
area being more than 200 m?), whereas G2 (71200m, 42°7’ N; 116°57" E) was classified into five levels of
degradation (> 200 m? each) (Figure S1) . Soil erosion and soil nutrient loss are major phenomena observed
under grassland degradation (Dong, Wang, et al., 2021). Hence degradation levels were classified according to
the levels of major soil nutrients (organic matter [OM], total N [TN], total phosphorus [TP]) in combination
with physical appearance (Table S1) . A lower index value indicated higher soil nutrient contents and lower
degradation. The deserted regions had the highest degradation levels (“6” at G1 and “5” at G2) because of
desertification and low vegetation cover. Six soil samples were collected from the top 20-cm soil layer in each
degraded grassland region using the checkerboard sampling method. Each soil sample was sieved through a
2-mm mesh to remove plant debris and stones, and was then stored at -80°C for DNA extraction and at 4°C
for chemical analyses. In addition, soil bulk density was determined by in situ sampling using the volumetric
ring method, with a volume of 100 cm?.

2.2 High throughput sequencing and bioinformatics

Soil samples (0.5 g) were used in DNA extraction using Fast DNA Spin Kit (MP Biomedicals, Shanghai,
China) according to the manufacturer’s instructions. The primers 515F (5’-GTGCCAGCMGCCGCGGTAA-
3’) and 806R (5-GGACTACHVGGGTWTCTAAT-3’) were used for amplification of the V4 region of
the 16S rRNA gene. The amplified PCR products were sequenced on the Illumina Nova 6000 plat-
form (Illumina, San Diego, CA, USA). Subsequently, the native sequences were quality controlled using
QIIME2 v2020.11.0 (https://qiime2.org/). DADA2 (https://github.com/benjjneb/dada2) and Deblur (htt-
ps://github.com/biocore/deblur) were used to clear low-quality sequences and to carry out noise cancellation.
Afterward, the remaining sequences were clustered into operational taxonomic units (OTUs) based on 97%
sequence similarity and assigned to taxa to the species level with the SILVA Database v132 (Quast et al.,
2013) as the reference database. After the deletion of the unassigned OTUs and singleton OTUs, the number
of OTUs was counted and an OTU taxonomy information table was computed for further analysis.

2.3 Variation in bacterial community diversity and composition across grassland degradation
gradients

Significant differences in soil variables and microbial alpha-diversity were calculated using one-way Ana-
lysis of Variance (ANOVA) in IBM SPSS Statistics 23.0 (IBM Corp., Armonk, NY, USA). The principal
co-ordinates analysis (PCoA) and permutational multivariate ANOVA (PERMANOVA) analysis were con-
ducted to analyze differences in microbial composition using the ‘vegan’ and ‘pairwiseAdonis’ packages in
R 4.04 (R Core Team, Vienna, Austria). The Mantel test was carried out to determine the correlation
between environmental variables and community composition using the ‘vegan’ package in R 4.0.4 (R Core
Team), and the unique OTUs in each community were visualized using the ‘UpSetR’ package in R 4.0.4 (R
Core Team). Furthermore, the ‘DESeq2’ and ‘ggplot2’ packages in R 4.0.4 (R Core Team) were used for the
identification of OTUs with significant differences and visualization of the data, respectively.

2.4 Identification of bacterial biomarkers for grassland degradation

To identify the major biomarkers (in soil bacterial community) driving community assembly during the
grassland degradation process, Random Forest (RF) analysis (using the ‘randomForest’ package in R) was
used to calculate the correlation between OTU relative abundance (>0.1%) and soil nutrient contents (OM,
TN, TP) following Z-score transformation. The top 30 OTUs with the greatest increases in mean square
error (MSE), which were considered the major biomarkers, were selected to verify the role of predictors in



the process of grassland degradation.
2.5 Community assembly processes and habitat niche breadth

To evaluate the assembly processes of microbial communities at each sampling site, the standardized effect
size measure of the mean nearest taxon distance (ses.MNTD) was calculated to estimate phylogenetic clus-
tering degrees within each community using the ‘picante’ package in R (Purcell et al., 2007). Negative and
positive ses. MNTD values denote shorter and longer nearest taxon distances within a community, respective-
ly, than expected by chance, and the level of phylogenetic clustering or dispersion, respectively (Webb et al.,
2002). We also explored differences in phylogenetic turnover between samples using the between-community
version of the B-mean-nearest taxon distance (BMNTD) to investigate the underlying community assembly
mechanisms (Stegen et al., 2013). Differences between observed BMNTD and the null expectation based on
999 randomization repeats are divided by the standard deviation (of the null expectation) to obtain the (-
nearest taxon index (BNTI) (Stegen et al., 2013). BNTT values >+2 and <-2 indicated significantly greater or
less phylogenetic turnover than expected by chance, respectively, as a result of the influence of deterministic
selection (e.g., environmental filtering, biotic interactions, non-random diversification) in communities, while
values between -2 and +2 indicated dominance of stochastic processes (e.g., weak selection, weak dispersal,
and diversification) in community assembly (Stegen et al., 2012; Zhou & Ning, 2017).

Niche breadth was calculated using the Levin’s niche breadth index (B) equation (Pandit et al., 2009):

1
Bj = sv 52

i=111ij
where B; represents habitat niche breadth of OTU j in a metacommunity; N is the total number of com-
munities in each metacommunity; P; is the proportion of OTU j in metacommunity i. A high B indicates
that the OTU occurs extensively and evenly along a wide range of locations, representing wide habitat niche
breadth. The average B-values of all OTUs within each sampling community (Bcom) were calculated and
indicated habit niche breadth at the community level. To evaluate the niche breadth of each phylum within
a metacommunity, the average Z-scores for OTUs within each phylum were calculated on a common scale
based on standard deviation units (for all taxa within the community). A microbial group with a wider
niche breadth is considered more metabolically flexible in the metacommunity than other microbial groups
(Luan et al., 2020). Differences in average Z-score values for each phylum in communities in different stages
of grassland degradation were explored to investigate variation in niche breadth at the phylum level across
different levels of degradation.

2.6 Bacterial community function

Phylogenetic investigation of communities by reconstructing unobserved states (PICRUSt) has been used
extensively to infer approximate microbial community functions based on amplicon sequences, although it
has some limitations (Douglas et al., 2020). The sequences corresponding to each OTU were compared in
the Greengenes database (http://greengenes.lbl.gov) to obtain KEGG ortholog (KO) data (DeSantis et al.,
2006). Subsequently, community function richness and diversity were calculated based on the KO prediction
results, and the total number of KO genes was divided by the number of OTUs to obtain the average number
of KO genes in an OTU.

3. Results
3.1. Soil properties and bacterial community composition changed with grassland degeneration

Soil nutrient contents were different among the fields in the two sampled grasslands (Table S1) . The
contents of organic matter (OM; 32.31-4.44 g/kg in G1 and 20.11- 3.04 g/kg in G2), TN; 1.79-0.22 g/kg
in G1 and 1.10-0.19 g/kg in G2, TP; 0.46-0.22 g/kg in G1 and 0.46-0.22 g/kg in G2) decreased with an
increase in level of degradation. The highly deserted regions had the lowest OM (2.13 g/kg in G1 and 5.02
g/kg at G2), TN (0.14 g/kg in G1 and 0.30 g/kg in G2) and TP (0.18 g/kg in G1 and 0.28 g/kg in G2)
contents. In addition, as the degree of degradation increased, soil moisture content decreased; soil pH did
not exhibit any variation.



Bacterial richness (3526-2930 in G1 and 3709-3021 in G2) and Shannon index (9.61-8.97 in G1 and 9.72-8.36
for G2) decreased with an increase in level of degradation; furthermore, bacterial communities in the deserted
regions had the lowest levels of alpha diversity(Table S2, p < 0.05) . Bacterial community composition
varied significantly among regions with different degrees of degradation. Phylum Proteobacteria was the most
dominant phylum in the communities in degraded grasslands (Figure 1A and 1C) . In addition, the relative
abundances of phyla Bacteroidetes and Firmicutes increased with an increase in the level of degradation, and
had significantly negative correlations with soil nutrient concentrations (OM, TN, and TP); however, the
relative abundances of other major phyla decreased with the reduction of soil nutrient concentrations in the
course of grassland degradation (Figure 1) . In addition, PERMNOVA analysis results showed significant
variation in bacterial community composition among the regions with different levels of degradation (Table
S3, P < 0.05 ). Bray-Curtis dissimilarity among the communities was positively correlated with OM (r =
0.398 in G1 and 0.545 in G2), TN (r = 0.388 in G1 and 0.584 in G2), TP (r = 0.460 in G1 and 0.482 in
G2), and TK (r = 0.342 in G1 and 0.431 in G2) contents (Figure S2, P < 0.05) , indicating that the soil
nutrient significantly influenced bacterial community composition in the degraded grassland environments.

3.2 Responses of different phyla to grassland degradation

To decipher the responses of bacterial communities to grassland degradation, we explored the shifts in the
abundance and species richness among the top eight phyla (relative abundance > 3%).

Proteobacteria, Bacteroidetes, and Firmicutes exhibited relatively high species richness values, whereas
other phyla, such as Acidobacteria, Actinobacteria, Gemmatimonadetes, Planctomycetes and Chloroflexi,
exhibited relatively low richness values as degradation level increased (1-5 in G1; 1-4 in G2) (Table 1) .
The decrease in species richness observed in the deserted regions (region 6 in G1; region 5 in G2) could be
attributed to the substantial decrease in richness at the community level. The proportions of Proteobacteria
(21.2-32.4% in G1 and 21.9-28.6% in G2) and Bacteroidetes (3.8-11.0% in G1 and 4.7-7.6% for G2) increased
with an increase in grassland degradation level (Figure 2A and 2B) , indicating that Proteobacteria and
Bacteroidetes exhibited positive responses based on biodiversity in the course of grassland degradation.

Conversely, with advancement in degradation, bacterial communities had more significantly altered OTUs
(Figure S3) . After classifying the altered species into corresponding phyla, we observed that the numbers
of the enriched OTUs in Proteobacteria and Bacteroidetes increased with an increase in the degradation level
in the two grasslands (Figure 2C and 2D) . On the contrary, Actinobacteria, Acidobacteria, Chloroflexi,
and Planctomycetes had greater depleted OTUs than other phyla with an increase in degradation level. The
results indicate that Proteobacteria and Bacteroidetes had more positive responses with regard to survival
than other phyla under grassland degradation.

To determine the dominant bacterial biomarkers along the grassland degradation gradient, we conducted
RF to selected the top 30 most important OTUs and classified them into phyla. Subsequently, their corre-
lation with environmental factors was determined using Pearson correlation analysis. The major microbial
biomarkers were classified into the phyla Proteobacteria, Acidobacteria, and Actinobacteria in the process of
degradation (Figure S4) . In the case of Acidobacteria, the biomarker OTUs were almost all classified into
the Subgroup_6, and were significantly and positively correlated with soil nutrient contents (OM, TN, and
TP) in G2 (Figure 2E and 2F,P < 0.05) . The Actinobacteria biomarker species in the two grassland
types were largely classified into the Thermoleophilia and Actinobacteria classes, which were positively and
negatively correlated with nutrient content, respectively (Figure 2E and 2F) . Furthermore, the biomarker
OT7Us in Proteobacteria were mostly classified into Gammaproteobacteria in G1, and into Gammaproteobac-
teria and Alphaproteobacteria in G2. The abundance of biomarkers classified into Alphaproteobacteria were
positively correlated with soil nutrient (OM, TN, and TP) contents in G2 (Figure 2E and 2F) . How-
ever, Gammaproteobacteria biomarker species exhibited significant and negative correlations with nutrient
contents in both grassland types(Figure 2E and 2F) .

3.3 Niche breadths and niche overlap of phyla in degraded grasslands

To explain the responses of different phyla to grassland degradation, we further assessed the niche widths of



each phylum across the different degradation levels, as well as the relationships between taxon niche width
and environmental variables.

First, the mean niche width at community level in each degraded region was calculated, and then the
corresponding OTUs in each phylum (top eight dominant phyla) were calculated based on the Z-score-
transformed abundances of all OTUs. The niche widths of all phyla in each degraded region were obtained
from the average values of corresponding Z-score-transformed OTUs, and were compared among different
regions. Proteobacteria and Bacteroidetes could be distinguished from other phyla because of their broader
niche widths that were significantly and negatively correlated with nutrient contents (Figure 3A, 3C and
S6, P < 0.05) . On the contrary, the other major phyla (Acidobacteria, Actinobacteria, Planctomycetes,
Chloroflexi, and Gemmatimonadetes) exhibited decreasing niche widths with an increase in soil nutrient
contents (Figure 3A, 3C and S6, P< 0.05) . Species with broader niche breadths were distributed
widely and evenly, suggesting greater stability in response to environmental disturbance (Pandit et al., 2009;
Li et al., 2019). Therefore, the greater niche breadths of Proteobacteria and Bacteroidetes indicated their
high adaptability and positive responses when compared to other phyla under grassland degradation.

To evaluate variation in niche overlap within each phylum across the different grassland degradation condi-
tions, we Z-score transformed the niche overlaps of each comparison (OTU-OTU) and compared the mean
values within each phylum with an increase in degree of degradation. In the two grasslands, as degradation
intensified, the mean values (Z-score) of niche overlap within Acidobacteria, Actinobacteria, Planctomycetes,
and Gemmatimonadetes decreased, while the average niche overlaps of Proteobacteria and Bacteroidetes in-
creased (Figure 3B and 3D) , which may be partly due to changes in their species diversity, which would
lead to greater species competition(Table 1) .

The results suggest that phyla with great survivability and others with weak survivability adopted different
strategies under grassland degradation. With an increase in degree of degradation, Proteobacteria and
Bacteroidetes exhibited higher alpha diversity, and niche width and niche overlap; on the contrary, other
phyla (mainly Actinobacteria, Acidobacteria, Gemmatimonadetes, and Planctomycetes) exhibited decreased
alpha diversity, and niche width and niche overlap (Table 1; Figure 3) , which may be attributed to the
elimination of certain species with functional redundancy, which can facilitate better adaptation to grassland
degradation in bacterial communities.

3.4 Assembly processes and phylogenetic structuring under grassland degradation

The BNTI values of the two grasslands were mainly between -2 and +2(Figure 4A and 4B) , indicating the
dominance of stochasticity and weak environmental selection during community assembly across different
levels of grassland degradation.

According to the results of correlation analysis, Proteobacteria and Bacteroidetes relative abundance had
no significant correlation with phylogenetic clustering; furthermore, there were no significant correlations
between environmental variables and ses. MNTD(Figure 4C and 4D, P > 0.05) . However, soil nutrient
contents were negatively correlated with ses. MNTD values in other phyla (Figure 4C and 4D, P < 0.05)
, indicating that soil nutrient loss decreased phylogenetic clustering in bacterial communities. Considering
the decrease in the niche overlap(Figure 3B and 3D) and the correlation between alpha diversity and
ses. MNTD of the phyla across different levels of grassland degradation (Table 2) , the phylogenetic dispersion
could have resulted from the elimination of some close phylogenetic species with functional redundancy.

3.5 Functional responses of bacterial community to grassland degradation

PICRUSt analysis was conducted to investigate variation in bacterial community functional structure in
the course of grassland degradation. Bacterial functional gene diversity in highly degraded grassland was
higher than that in slightly degraded grasslands (Table S4,P < 0.05) . In addition, the KO gene numbers
of each OTU increased significantly with the progression of degradation, and were negatively correlated
with soil nutrient (OM, TN, and TP) contents(Table S5, P < 0.05) . The results indicated that bacterial
communities in degraded grassland conditions and relatively poor nutrient conditions would harbor relatively



high amounts of genetic information. In addition, genetic information harbored by species increased with
an increase in ses MNTD (Figure 5,P < 0.05) , indicating that phylogenetic dispersion in community
assembly under grassland degradation would lead to more functional genes, which could facilitate better
adaptation by communities to resource scarcity.

4. Discussion
4.1 Stochastic processes dominated community assembly under natural grassland degradation

Both deterministic and stochastic community assembly processes play important roles in shaping community
composition and structure in natural ecological systems (Chase, 2010; Chase & Myers, 2011; Zhou et al.,
2013). Therefore, elucidating the assembly processes of microbial community could enhance the understand-
ing of the responses of communities to grassland degradation. However, numerous studies that emphasized
the importance of environmental filtration have focused on determining the dominant environmental factors
driving and structuring bacterial community structure (Feng et al., 2017; Knelman et al., 2019; Yu, Wu, et
al., 2019; Liu, Graham, et al., 2020), with the assembly processes in bacterial communities in the course
of grassland degradation and the community response strategies remaining poorly understood. Therefore,
in the present study, the authors investigated the turnover and assembly strategies of bacterial communi-
ties in response to shifts in resource conditions under grassland degradation. Overall, the authors observed
that bacterial community assembly processes in degraded grassland systems were dominated by stochastic
processes (Figure 4A and 4B) .

Numerous researchers have reported that as environmental change is prolonged, deterministic processes may
become more important due to the accumulation of environmental selection; however, the above often occurs
after stochastic processes have dominated the initial phase (Ferrenberg et al., 2013; Zhang et al., 2016; Liu,
Graham, et al., 2020). Therefore, the stochastic processes observed in the present study could be associated
with the short term and limited spatial scales applied for the sampled grasslands under degradation, and
continuous environmental change could alter the dominant community assembly processes(Figure 4A and
4B) . In addition, degree of change in environmental variables is a key factor influencing community assembly
process at the regional scale (Feng et al., 2018). In the present study on a degraded grassland with low human
interference, the mild changes in environmental variables could be another major reason for the dominance
of stochastic processes in community assembly processes (Liu, Graham, et al., 2020).

Stochastic processes represent undetermined ecological assembly processes that yield community diversity
patterns that are random (Zhou & Ning, 2017). Stochastic processes (e.g., colonization and extinction)
are as important as or more important than deterministic processes (e.g., species selection and species
interactions) in structuring natural microbial community (Chase & Myers, 2011).Although numerous studies
have highlighted the importance of stochastic factors in driving the structure and functions of communities
(Zhou et al., 2008; Caruso et al., 2011; Chase & Myers, 2011; Stegen et al., 2012; Zhou et al., 2013; Zhou &
Ning, 2017), the dominance of stochastic process in community assembly makes it extremely challenging to
explore the underlying community dynamics because of the unpredictable compositional variation (Zhou et
al., 2013; Zhang et al., 2016). Consequently, we investigated community composition dynamics in grasslands
with different levels of degradation in an attempt to elucidate the corresponding mechanisms of bacterial
community assembly.

4.2 Different phyla taxa showed varied responses to grassland degradation

According to the results of the present study, environmental factors (OM, TN, and TP) significantly in-
fluenced community composition in the degraded grassland (Figure S2) . However, the low correlation
between environmental factors and bacterial community composition means that environmental factors can
hardly explain microbial community composition (Figure S2) ; as observed in previous studies, which high-
lighted the importance of stochastic processes in microbial community assembly (Ramette & Tiedje, 2007;
Graham et al., 2016; Zhang et al., 2016; Zhou et al., 2017).

The relationships between microbial community assembly in the environment and ecosystem processes remain



unclear (Graham et al., 2016). In the present study, we investigated bacterial community dynamics at phylum
level in degraded grasslands. Previous studies have reported that different soil bacterial phyla display different
responses in abundance in grasslands following shifts in nutrient conditions (Zeng et al., 2015; Dong, Shi, et
al., 2021).

In the present study, although the differences in dominant herbaceous species and soil characteristics in the
two grasslands may lead to different belowground bacterial community composition, similar results were ob-
served in soil bacterial community dynamics under grassland degradation. Proteobacteria and Bacteroidetes
had more positive responses to grassland degradation than other phyla, in the form of richer diversity, higher
abundance, and more unique and enriched species under relatively severe grassland degradation (Figure
1 and 2; Table 1) . The increase in the abundance of unique species and species diversity (Table 1;
Figure 2A and 2B) highlighted the importance of Proteobacteria and Bacteroidetes, whose taxa enhanced
community function and stability under grassland degradation (Loreau & de Mazancourt, 2013; Delgado-
Baquerizo et al., 2016; Wang et al., 2017). Moreover, Proteobacteria and Bacteroidetes exhibited greater
abundance, richness, and broader niche-widths (Figure 1, 2C, 2D, 3A and 3B ) with an increase in
degree of degradation, indicating the proportions of resources available to the two phyla may increase un-
der degraded conditions. Conversely, the abundance of other phyla, such as Acidobacteria, Actinobacteria,
Chloroflexi, and Planctomycetes, decreased with an increase in degradation. In addition, although different
biomarkers were observed between the two grasslands, the biomarkers negatively correlated with nutrients
content (OM, TN, and TP) were mainly assigned to Gammaproteobacteria, indicating the importance of
Gammaproteobacteria in the adaptation of the community to grassland degradation. The results demon-
strated that nutrient limitation in degraded grasslands has contrasting effects on different taxa.

The responses of different taxa to their habitat environments are associated with their ecological character-
istics (Ho et al., 2017). Proteobacteria and Bacteroidetes are considered copiotrophic taxa, and are enriched
in soil with high resource availability (Leff et al., 2015; Wang, Zhang, Liu, et al., 2021). In comparison,
oligotrophic bacterial phyla, such as Acidobacteria and Chloroflexi, would outcompete copiotrophs under
low resource availability (Fierer et al., 2007; Ai et al., 2015; Ho et al., 2017). However, in the present
study, inconsistent results were observed, with copiotrophic phyla (Proteobacteria, Bacteroidetes) exhibiting
greater survival, with higher abundance with a decrease in soil nutrient contents (Figure 1) . Previous
studies have focused on stronger environmental selection associated with artificial disturbance and larger
temporal and spatial scales (Cleveland et al., 2006; Fierer et al., 2012; Leff et al., 2015; Wang, Zhang,
Liu, et al., 2021). However, the present study focused on the effect of grassland degradation on microbial
community assembly over relatively small spatial and temporal scales, which are associated with rather mild
shifts in resource availability. Moderate shifts in resource availability may offer bacterial communities with
opportunities to adapt to environmental change, rather than exposing communities to strong selection by
the environment. Consistently, in the present study, stochastic processes dominated community assembly,
with weak selection observed, based on the observed BNTI values that ranged between -2 and +2 (Figure
4A and 4B) . Therefore, community member life strategies may be more instructive than physiological
characteristics in predicting bacterial community assembly dynamics under degraded grassland conditions.

4.3 Taxa strategies in response to grassland degradation

Considering the microbial strategies adopted in response to grassland degradation, the life strategies of
bacterial phyla observed in the present study were classified into r -and K -selection strategies, based on
the life-history evolution theory by Pianka (Pianka, 1970). r -selection strategy is associated with high
productivity, and is adopted to improve survival chances under variable and unpredictable environmental
conditions, in contrast toK -strategy that is associated with high efficiency, and is adopted to maintain
survival ability in response environmental stress (Pianka, 1970; Reznick et al., 2002; Ye et al., 2018). In
addition,r -extreme represents a quantitative extreme with no density effects and no competition, whereas
K -extreme represents a status with active competition and is the optimal strategy for allocating limited
resources to ensure resource efficiency, for example, by producing a few extremely fit offspring (Pianka, 1970;
Ye et al., 2018). No organism adheres to either r -extreme or K -extreme completely, and communities



must achieve a balance between the two extremes in response to environmental disturbance (Pianka, 1970;
de Vries & Shade, 2013).

In the present study, Proteobacteria and Bacteroidetes had greater species diversity, broader niche-widths,
and random phylogenetic clustering in degraded grasslands (Table 1; Figure 3A, 3B, 4C and 4D)
, showing high adaptability to the resource limitation, which can be considered adoption of r -strategy.
The finding is consistent with the results of a previous study, in which Proteobacteria could survive in
diverse ecological niches due to their variable morphology and physiology, which facilitate an r -strategy
(Shin et al., 2015). Conversely, other phyla (mainly Acidobacteria, Actinobacteria, Planctomycetes, and
Gemmatimonadetes) had lower diversity, abundance, and niche-overlap (Table 1 and 2; Figure 1 and
3C and 3D) so that bacterial abundance was reduced following functional redundance to enhance resource-
use efficiency, which can be considered K -selection. Similar results have been reported in a study on
the relationship between phyla-level responses and life strategies under drying-rewetting disturbance, in
which Proteobacteria employed opportunistic strategies (7 -selection) whereas Acidobacteria adopted tolerant
strategies (K -selection) (Evans et al., 2014).

Although the r /K strategy theory is oversimplified, it provides researchers with a fundamental ecological
perspective for understanding mechanisms of assembly of microbial communities in response to environmental
change (de Vries & Shade, 2013; Li et al., 2021). The increases in the relative abundances of Proteobacteria
and Bacteroidetes with grassland degradation indicate that the bacterial community adopted r -selection
strategies. Generally, r -selection strategies are more adaptable to variable environmental conditions than
K -selection strategies (Ye et al., 2018); furthermore, high variable productivity observed underr -selection
potentially offers more opportunities for community evolution (Fierer et al., 2012) in conditions such as
degraded grasslands with nutrient loss.

Selection strategies can also be reflected in community functional structure, which is correlated with commu-
nity response to environmental change (Schimel & Bennett, 2004; Fierer et al., 2012; de Vries & Shade, 2013).
In the present study, bacterial community functional diversity and functional information were enriched with
nutrient loss(Table S4 and S5) . Moreover, phylogenetic dispersion was significantly and positively corre-
lated with the number of KO genes carried (Figure 5) , highlighting the potential importance of stochastic
assembly processes in the regulation of community functional structure. The community assembly and niche
analysis results in the present study jointly indicate bacterial communities could directionally regulate their
functional structure based on diversity and composition under grassland degradation, which could facilitate
their adaptation to changes in resource availability.

We do not exclude the influence of species-competition and/or environmental filters on the community
composition, because microbial response are likely affected by multiple mechanisms simultaneously (Ho et
al., 2017). Environmental selection was potentially weak due to the rather mild changes in resources in
the course of grassland degradation over the relatively small spatial and temporal scales. Nevertheless,
environmental factors can indirectly influence community response strategies in the form of community
assembly (Fierer et al., 2007; Li et al., 2021). The balance between r - and K - strategies mediated by
community members of different phyla facilitates adaptation to resource loss under grassland degradation
(Figure 6) . However, following long degradation periods, shifts in environmental nutrient conditions could
induce shifts from r - toK -selection strategies, considering the accumulation of environmental selection
and the strengths of oligotrophic bacteria following environmental filtering (Pianka, 1970). Simultaneously,
the relative importance of stochastic process may decrease, with the deterministic processes playing more
dominant roles in structuring communities (Ferrenberg et al., 2013; Zhang et al., 2016).

5. Conclusion

Stochastic process with weak selection dominated bacterial community assembly process during grassland
degradation, with mild and continuous environmental changes on a small spatial scale. Different bacterial
phyla exhibited different response strategies in the form of diversity, abundance, niche-width, and phylo-
genetic turnover under grassland degradation (Figure 6) . Proteobacteria and Bacteroidetes, the most



abundant phyla, exhibited positive responses, adoptingr -strategies, which facilitated the enhancement of
biodiversity and in turn community productivity. In contrast, the relative abundances of other dominant
phyla were restricted following grassland degradation, with K -strategies being adopted to facilitate effi-
cient resource utilization. The shift from K - to r - strategies by communities under grassland degradation
brought increased functional diversity, which could facilitate adaptation by communities to resource limi-
tation. A key limitation of our study is that not all phyla can be classified as r or K strategists (Li Huli,
2021); nevertheless, the system can still be employed to partly explain the response mechanisms of microbial
communities to environmental changes. In addition, although we determined the influence of community
response strategies on functional structure, the specific functional structure dynamics involved in community
adaptation to grassland degradation require further research. In summary, our study clarified the assembly
processes of soil bacterial communities in response to grassland degradation, and the results offer insights
into the ecological dynamics involved in the responses of various soil bacterial communities and taxa to grass-
land degradation. The findings of the present study could facilitate not only the prediction of soil microbial
community structure in grassland ecosystem under degradation but also their sustainable management.

Acknowledgements

This work was supported by grants from the National Natural Science Foundation of China [grant
number 41977055] and the National Key Research and Development Program of China [grant numbers
2017YFD0200604, 2016 YFD0200305].

Conflict of Interest
The authors declare no conflicts of interest.
Author Contributions

Yuanhua Dong and Jiangang Li: Conceived the study; Yang Hu and Yang Sun: Collected the data; Junwei
Peng and Hong Liu: analyzed the data; Junwei Peng, Jiangang Li, and Qin Liu: Led the writing and revision
of the manuscript. All authors contributed critically to the drafts and gave final approval for publication.

Data Availability Statement
The sequences were deposited in NCBI SRA database (BioProject accession no. PRIJNA778017).
References

1. Ai, C., Liang, G., Sun, J., Wang, X., He, P., Zhou, W., & He, X. (2015). Reduced dependence of
rhizosphere microbiome on plant-derived carbon in 32-year long-term inorganic and organic fertilized
soils.Soil Biology € Biochemistry, 80, 70-78. https://doi.org/10.1016/j.s0ilbio.2014.09.028

2. Bardgett, R. D., Jones, A. C., Jones, D. L., Kemmitt, S. J., Cook, R., & Hobbs, P. J. (2001). Soil micro-
bial community patterns related to the history and intensity of grazing in sub-montane ecosystems.Soil
Biology € Biochemistry, 33, 1653-1664. https://doi.org/10.1016/S0038-0717(01)00086-4

3. Bastida, F., Eldridge, D. J., Garcia, C., Kenny Png, G., Bardgett, R. D., & Delgado-Baquerizo, M.
(2021). Soil microbial diversity-biomass relationships are driven by soil carbon content across global
biomes. The ISME Journal, 15, 2081-2091. https://doi.org/10.1038/s41396-021-00906-0

4. Bengtsson, J., Bullock, J. M., Egoh, B., Everson, C., Everson, T., O’Connor, T., O’Farrell P. J.,
Smith, H. G., & Lindborg, R. (2019). Grasslands-more important for ecosystem services than you
might think. Ecosphere, 10, €02582. https://doi.org/10.1002/ecs2.2582

5. Caruso, T., Chan, Y., Lacap, D. C., Lau, M. C., McKay, C. P., & Pointing, S. B. (2011). Stochastic
and deterministic processes interact in the assembly of desert microbial communities on a global scale.
The ISME Journal, 5, 1406-1413. https://doi.org/10.1038/ismej.2011.21

6. Chase, J.M. (2010). Stochastic community assembly causes higher biodiversity in more productive
environments. Science, 328,1388-1391. https://doi.org/10.1126/science.1187820

7. Chase, J. M., & Myers, J. A. (2011). Disentangling the importance of ecological niches from stochastic
processes across scales. Philosophical Transactions of the Royal Society B-Biological Sciences, 366,

10



10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

2351-2363. https://doi.org/10.1098/rstb.2011.0063

Chen, Y., Neilson, J. W., Kushwaha, P., Maier, R. M., & Barberan, A. (2021). Life-history
strategies of soil microbial communities in an arid ecosystem. The ISME Journal, 15, 649-657.
https://doi.org/10.1038 /S41396-020-00803-Y

Chen, Y. L., Ding, J. Z., Peng, Y. F., Li, F., Yang, G. B., Liu, L., Qin, S. Q., Fang, K., & Yang, Y.
H. (2016). Patterns and drivers of soil microbial communities in Tibetan alpine and global terrestrial
ecosystems. Journal of Biogeography, 43, 2027-2039. https://doi.org/ 10.1111/jbi.12806

Cleveland, C. C., Nemergut, D. R., Schmidt, S. K., & Townsend, A. R. (2006). Increases in soil respi-
ration following labile carbon additions linked to rapid shifts in soil microbial community composition.
Biogeochemistry, 82, 229-240. https://doi.org/10.1016/j.tim.2013.09.005

Delgado-Baquerizo, M., Maestre, F. T., Reich, P. B., Trivedi, P., Osanai, Y., Liu, Y. R., Hamonts, K.,
Jeffries, T. C., & Singh, B. K. (2016). Carbon content and climate variability drive global soil bacterial
diversity patterns. Ecological Monographs, 86,373-390. https://doi.org/10.1002/ecm.1216

DeSantis, T. Z., Hugenholtz, P., Larsen, N., Rojas, M., Brodie, E. L., Keller, K., Huber, T., Dalevi,
D., Hu, P., & Andersen, G. L. (2006). Greengenes, a chimera-checked 16S rRNA gene database
and workbench compatible with ARB. Applied and Environmental Microbiology, 72, 5069-5072.
https://doi.org/10.1128 /aem.03006-05

de Vries, F.T., & Shade, A. (2013). Controls on soil microbial community stability under climate
change. Frontiers in Microbiology, 4, 265. https://doi.org/10.3389/fmicb.2013.00265

Dong, C., Shi, Y., Wang, J., Zeng, H., & Wang, W. (2021). Divergent responses of the soil bacte-
ria community to multi-level nitrogen enrichment in temperate grasslands under different degrees of
degradation. Land Degradation & Development, 32, 3524-3535. https://doi.org/10.1002/1dr.3935
Dong, C., Wang, W., Liu, H., Xu, X., Chen, X., & Zeng, H. (2021). Comparison of soil microbial
responses to nitrogen addition between ex-arable grassland and natural grassland. Journal of Soils
and Sediments, 21, 1371-1384. https://doi.org/10.1007/s11368-021-02892-4

Dong, L., Liang, C., Li, F. Y., Zhao, L., Ma, W., Wang, L., Wen, L., Zheng, Y., Li, Z., Zhao,
C., & Tuvshintogtokh, I. (2019). Community phylogenetic structure of grasslands and its relation-
ship with environmental factors on the Mongolian Plateau. Journal of Arid Land, 11, 595-607.
https://doi.org/10.1007/s40333-019-0122-6

Douglas, G. M., Malffei, V. J., Zaneveld, J. R., Yurgel, S. N., Brown, J. R., Taylor, C. M., Hutten-
hower, C., & Langille, M. G. L. (2020). PICRUSt2 for prediction of metagenome functions. Nature
Biotechnology, 38, 685—688. https://doi.org/10.1038/s41587-020-0548-6

Evans, S. E., & Wallenstein, M. D. (2014). Climate change alters ecological strategies of soil bacteria.
Ecology Letters, 17,155-164. https://doi.org/10.1111 /ele.12206

Fan, K., Weisenhorn, P., Gilbert, J. A., Shi, Y., Bai, Y., & Chu, H. (2018). Soil pH correlates with
the co-occurrence and assemblage process of diazotrophic communities in rhizosphere and bulk soils of
wheat fields. Soil Biology & Biochemistry, 121,185-192. https://doi.org/10.1016/j.s0ilbio.2018.03.017
Feng, Y., Chen, R., Stegen, J. C., Guo, Z., Zhang, J., Li, Z., & Lin, X. (2018). Two key features
influencing community assembly processes at regional scale: Initial state and degree of change in
environmental conditions. Molecular Ecology, 27, 5238-5251. https://doi.org/10.1111/mec.14914
Feng, Y., Guo, Z., Zhong, L., Zhao, F., Zhang, J., & Lin, X. (2017). Balanced fertilization decreases
environmental filtering on soil bacterial community assemblage in North China. Frontiers in Microbi-
ology, 8, 2376. https://doi.org/10.3389/fmich.2017.02376

Ferrenberg, S., O’Neill, S. P., Knelman, J. E., Todd, B., Duggan, S., Bradley, D., Robinson, T.,
Schmidt, S. K., Townsend, A. R., Williams, M. W., Cleveland, C. C., Melbourne, B. A., Jiang, L.,
& Nemergut, D. R. (2013). Changes in assembly processes in soil bacterial communities following a
wildfire disturbance. The ISME Journal, 7,1102-1111. https://doi.org/10.1038/ismej.2013.11

Fierer, N., Bradford, M. A., & Jackson, R. B. (2007). Toward an ecological classification of soil bacteria.
Ecology, 88,1354-1364. https://doi.org/10.1890/05-1839

Fierer, N., Lauber, C. L., Ramirez, K. S., Zaneveld, J., Bradford, M. A., & Knight, R. (2012). Com-
parative metagenomic, phylogenetic and physiological analyses of soil microbial communities across

11



25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

nitrogen gradients. The ISME Journal, 6, 1007-1017. https://doi.org/10.1038 /ISMEJ.2011.159
Gang, C., Zhou, W., Chen, Y., Wang, Z., Sun, Z., Li, J., Qi, J., & Odeh, 1. (2014). Quantitative
assessment of the contributions of climate change and human activities on global grassland degrada-
tion. Environmental Earth Sciences, 72, 4273-4282. https://doi.org/10.1007/s12665-014-3322-6
Graham, E. B., Knelman, J. E., Schindlbacher, A., Siciliano, S., Breulmann, M., Yannarell, A., Beman,
J. M., Abell, G., Philippot, L., Prosser, J., Foulquier, A., Yuste, J. C., Glanville, H. C., Jones, D. L.,
Angel, R., Salminen, J., Newton, R. J., Burgmann, H., Ingram, L. J., Hamer, U., et al. (2016).
Microbes as engines of ecosystem function: When does community structure enhance predictions of
ecosystem processes? Frontiers in Microbiology, 7, 214. https://doi.org/10.3389/fmicb.2016.00214.
Habel, J. C., Dengler, J., JaniSovd, M., Torok, P., Wellstein, C., & Wiezik, M. (2013). European
grassland ecosystems: threatened hotspots of biodiversity. Biodiversity and Conservation, 22, 2131—
2138. https://doi.org/10.1007/s10531-013-0537-x

Han, X., Li, Y., Du, X., Li, Y., Wang, Z., Jiang, S., & Li, Q. (2020). Effect of grassland degradation
on soil quality and soil biotic community in a semi-arid temperate steppe. FEcological Processes, 9, 63.
https://doi.org/10.1186/s13717-020-00256-3

Ho, A., Di Lonardo, D. P., & Bodelier, P. L. (2017). Revisiting life strategy concepts in environmental
microbial ecology. FEMS Microbiology Ecology, 93. https://doi.org/10.1093/femsec/fix006

Hu, Y., Xiang, D., Veresoglou, S. D., Chen, F., Chen, Y., Hao, Z., Zhang, X., & Chen, B. (2014).
Soil organic carbon and soil structure are driving microbial abundance and community composition
across the arid and semi-arid grasslands in northern China. Soil Biology & Biochemistry, 77, 51-57.
https://doi.org/10.1016/j.s0ilbio.2014.06.014

Hu, Z., Li, S., Guo, Q., Niu, S., He, N, Li, L., & Yu, G. (2016). A synthesis of the effect of gra-
zing exclusion on carbon dynamics in grasslands in China. Global Change Biology, 22, 1385-1393.
https://doi.org/10.1111/gcb.13133

Ke, P. J., Miki, T., & Ding, T. S. (2015). The soil microbial community predicts the importance of
plant traits in plant-soil feedback. New Phytol, 206, 329-341. https://doi.org/ 10.1111/nph.13215
Knelman, J., Schmidt, S., Garayburu-Caruso, V., Kumar, S., & Graham, E. (2019). Multiple, com-
pounding disturbances in a forest ecosystem: fire Increases susceptibility of soil edaphic properties,
bacterial community structure, and function to change with extreme precipitation event. Soil Systems,
3. https://doi.org/10.3390/soils ystem $3020040

Leff, J. W., Jones, S. E., Prober, S. M., Barberan, A., Borer, E. T., Firn, J. L., Harpole, W. S., Hobbie,
S. E., Hofmockel, K. S., Knops, J. M., McCulley, R. L., La Pierre, K., Risch, A. C., Seabloom, E. W.,
Schutz, M., Steenbock, C., Stevens, C. J., & Fierer, N. (2015). Consistent responses of soil microbial
communities to elevated nutrient inputs in grasslands across the globe. Proceedings of the National
Academy of Sciences, 112, 10967-10972. https://doi.org/10.1073 /pnas.1508382112

Li, H., Yang, S., Semenov, M. V., Yao, F., Ye, J., Bu, R., Ma, R., Lin, J., Kurganova, 1., Wang,
X., Deng, Y., Kravchenko, I., Jiang, Y., & Kuzyakov, Y. (2021). Temperature sensitivity of SOM
decomposition is linked with a K -selected microbial community. Global Change Biology, 27, 2763—
2779. https://doi.org/10.1111/gcb.15593

Li, P., Liu, J., Jiang, C., Wu, M., Liu, M., & Li, Z. (2019). Distinct successions of common and rare
bacteria in soil under humic acid amendment - A microcosm study. Frontiers in Microbiology, 10, 2271.
https://doi.org/10.3389/fmicb.2019.02271

Liu, W., Graham, E. B., Zhong, L., Zhang, J., Li, W., Li, Z., Lin, X., Feng, Y., & Wang, J. (2020).
Dynamic microbial assembly processes correspond to soil fertility in sustainable paddy agroecosys-
tems. Functional Ecology, 84, 1244-1256. https://doi.org/10.1111/1365-2435.13550

Liu, W., Jiang, L., Yang, S., Wang, Z., Tian, R., Peng, Z., Chen, Y., Zhang, X., Kuang, J., Ling, N.,
Wang, S., & Liu, L. (2020). Critical transition of soil bacterial diversity and composition triggered by
nitrogen enrichment. Ecology, 101, e03053. https://doi.org/10.1002/ecy.3053

Loreau, M., & de Mazancourt, C. (2013). Biodiversity and ecosystem stability: a synthesis of underlying
mechanisms. Ecology Letters, 16, 106-115. https://doi.org/10.1111/ele.12073

Luan, L., Liang, C., Chen, L., Wang, H., Xu, Q., Jiang, Y., & Sun, B. (2020). Coup-

12



41.

42.

43.

44.

45.

46.

47.

48.

49.

50.

o1.

52.

53.

o4.

55.

56.

o7.

ling bacterial community assembly to microbial metabolism across soil profiles. mSystems,
5.https://doi.org/10.1128 /mSystems.00298-20

Luo, Z., Liu, J., Jia, T., Chai, B., & Wu, T. (2020). Soil bacterial community response and nitrogen
cycling variations associated with subalpine meadow degradation on the Loess Plateau, China.Applied
Environmental Microbiology, 86.https://doi.org/10.1128/AEM.00180-20

Lyu, X., Li, X., Gong, J., Wang, H., Dang, D., Dou, H., Li, S., & Liu, S. (2020). Comprehensive
grassland degradation monitoring by remote sensing in Xilinhot, Inner Mongolia, China. Sustainability,
12, 3682. https://doi.org/10.3390/su12093682

Maharning, A. R., Mills, A. A. S, & Adl, S. M. (2009). Soil community changes du-
ring secondary succession to naturalized grasslands. Applied Soil FEcology, 41, 137-147. htt-
ps://doi.org/10.1016/j.apsoil.2008.11.003

Morin, P. J., & McGrady-Steed, J. (2004). Biodiversity and ecosystem functioning in aquatic microbial
systems: a new analysis of temporal variation and species richness predictability relations. Oikos, 104,
458-466. https://doi.org/10.1111/j.0030-1299.2004.13256.x

Nie, Y., Wang, M., Zhang, W., Ni, Z., Hashidoko, Y., & Shen, W. (2018). Ammonium ni-
trogen content is a dominant predictor of bacterial community composition in an acidic forest
soil with exogenous nitrogen enrichment. Science of the Total Environment, 624 , 407-415. htt-
ps://doi.org/10.1016/j.scitotenv.2017.12.142

Pandit, S. N., Kolasa, J., & Cottenie, K. (2009). Contrasts between habitat generalists and spe-
cialists: an empirical extension to the basic metacommunity framework. FEcology, 90, 2253-2262.
https://doi.org/10.1890/08-0851.1

Pianka, E. R. (1970) On r and K -selection. The American Naturalist, 104, 592-597. htt-
ps://doi.org/10.2307/2459020

Quast, C., Pruesse, E., Yilmaz, P., Gerken, J., Schweer, T., Yarza, P., Peplies, J., & Glockner, F. O.
(2013). The SILVA ribosomal RNA gene database project: improved data processing and web-based
tools. Nucleic Acids Research, 41, 590-596. https://doi.org/10.1093 /nar/gks1219

Raiesi, F., & Salek-Gilani, S. (2020). Development of a soil quality index for characterizing effects of
land-use changes on degradation and ecological restoration of rangeland soils in a semi-arid ecosystem.
Land Degradation & Development, 31, 1533-1544. https://doi.org/10.1002/1dr.3553

Ramette A., & Tiedje, J. M. (2007). Multiscale responses of microbial life to spatial distance and
environmental heterogeneity in a patchy ecosystem. Proceedings of the National Academy of Sciences,
104, 2761-2766. https://doi.org/10.1073/pnas.0610671104

Rashid, M.I., de Goede, R.G.M., Corral Nunez, G.A., Brussaard, L., & Lantinga, E.A. (2014). Soil
pH and earthworms affect herbage nitrogen recovery from solid cattle manure in production grassland.
Soil Biology & Biochemistry, 68, 1-8. https://doi.org/10.1016/j.s0ilbio.2013.09.013

Ren, B., Hu, Y., Chen, B., Zhang, Y., Thiele, J., Shi, R., Liu, M., & Bu, R. (2018). Soil pH
and plant diversity shape soil bacterial community structure in the active layer across the latitu-
dinal gradients in continuous permafrost region of Northeastern China.Scientific Reports, 8, 5619.
https://doi.org/10.1038 /s41598-018-24040-8

Ren, Z., Wang, Z., Wang, Y., Ma, P., Niu, D., Fu, H., & Elser, J. J. (2021). Soil bacterial commu-
nities vary with grassland degradation in the Qinghai Lake watershed. Plant and Soil, 460, 541-55T7.
http://dx.doi.org/10.1007/s11104-020-04823-7

Reznick, D., Bryant, M. J., & Bashey, F. (2002). r - andK -selection revisited: The role of population
regulation in life-history evolution. Ecology, 83, 1509-1520. https://doi.org/10.2307/3071970
Schimel, J. P., & Bennett, J. (2004). Nitrogen mineralization: Challenges of a changing paradigm.
Ecology, 85,591-602. https://doi.org/10.1890/03-8002.

Seong, C. N., Kang, J. W., Lee, J. H., Seo, S. Y., Woo, J. J., Park, C., Bae, K. S., & Kim, M. S.
(2018). Taxonomic hierarchy of the phylum Firmicutes and novel Firmicutes species originated from
various environments in Korea. Journal of Microbiology, 56, 1-10. http://dx.doi.org/10.1007/s12275-
018-7318-x

Shin, N. R., Whon, T. W., & Bae, J. W. (2015) Proteobacteria: microbial signature of dysbiosis in gut

13



58.

99.

60.

61.

62.

63.

64.

65.

66.

67.

68.

69.

70.

71.

72.

microbiota. Trends in Biotechnology, 33, 496-503. http://dx.doi.org/10.1016/j.tibtech.2015.06.011
Siciliano, S. D., Palmer, A. S., Winsley, T., Lamb, E., Bissett, A., Brown, M. V., van Dorst, J., Ji,
M., Ferrari, B. C., Grogan, P., Chu, H., & Snape, 1. (2014). Soil fertility is associated with fungal
and bacterial richness, whereas pH is associated with community composition in polar soil microbial
communities. Soil Biology& Biochemistry, 78, 10-20. https://doi.org/10.1016/j.s0ilbio.2014.07.005
Stegen, J. C., Lin, X., Fredrickson, J. K., Chen, X., Kennedy, D. W., Murray, C. J., Rockhold, M.
L., & Konopka, A. (2013). Quantifying community assembly processes and identifying features that
impose them. The ISME Journal, 7, 2069-2079. https://doi.org/10.1038/ismej.2013.93

Stegen, J. C., Lin, X., Konopka, A. E.; & Fredrickson, J. K. (2012). Stochastic and determin-
istic assembly processes in subsurface microbial communities. The ISME Journal, 6, 1653-1664.
https://doi.org/10.1038 /ismej.2012.22

Tan, W., Wang, J., Bai, W., Qi, J., & Chen, W. (2020). Soil bacterial diversity correlates
with precipitation and soil pH in long-term maize cropping systems. Scientific Reports, 10, 6012.
https://doi.org/10.1038 /s41598-020-62919-7

Vadstein, O., Attramadal, K. J. K., Bakke, 1., & Olsen, Y. (2018).K -selection as microbial com-
munity management strategy: A method for improved viability of larvae in aquaculture.Frontiers in
Microbiology, 9, 2730. https://doi.org/10.3389/fmich.2018.02730

Wang, C., Liu, D., & Bai, E. (2018). Decreasing soil microbial diversity is associated with de-
creasing microbial biomass under nitrogen addition. Soil Biology & Biochemistry, 120, 126-133.
https://doi.org/10.1016/j.s0ilbio.2018.02.003

Wang, S., Wang, X., Han, X., & Deng, Y. (2018). Higher precipitation strengthens the mi-
crobial interactions in semi-arid grassland soils.Global FEcology and Biogeography, 27, 570-580.
https://doi.org/10.1111/geb.12718

Wang, X., Zhang, W., Liu, Y., Jia, Z., Li, H., Yang, Y., Wang, D., He, H., & Zhang,
X. (2021). Identification of microbial strategies for labile substrate utilization at phyloge-
netic classification using a microcosm approach.  Soil Biology & Biochemistry ,153, 107970.
https://doi.org/10.1016/j.s0ilbio.2020.107970

Wang, X., Zhang, Y., Li, Y., Luo, Y. L., Pan, Y. R., Liu, J., & Butler, D. (2021). Alkaline en-
vironments benefit microbial K- strategists to efficiently utilize protein substrate and promote val-
orization of protein waste into short-chain fatty acids.Chemical Engineering Journal, 404, 127147.
https://doi.org/10.1016/j.cej.2020.127147

Wang, Y., Li, C., Tu, C., Hoyt, G. D., DeForest, J. L., & Hu, S. (2017). Long-term no-tillage and
organic input management enhanced the diversity and stability of soil microbial community. Science
of the Total Environment, 609, 341-347. https://doi.org/10.1016/j.scitotenv.2017.07.053

Webb, C. O., Ackerly, D. D., McPeek, M. A., & Donoghue, M. J. (2002). Phylo-
genies and community ecology. Annual Review of FEcology and Systematics, 33, 475-505.
https://doi.org/10.1146 /annurev.ecolsys.33.010802.150448

Widdig, M., Heintz-Buschart, A., Schleuss, P. M., Guhr, A., Borer, E. T., Seabloom, E. W., &
Spohn, M. (2020). Effects of nitrogen and phosphorus addition on microbial community com-
position and element cycling in a grassland soil. Soil Biology & Biochemistry, 151 , 108041.
https://doi.org/10.1016/j.s0ilbio.2020.108041

Yang, Y., Wu, L., Lin, Q., Yuan, M., Xu, D., Yu, H., Hu, Y., Duan, J., Li, X., He, Z., Xue, K., van
Nostrand, J., Wang, S., & Zhou, J. (2013). Responses of the functional structure of soil microbial
community to livestock grazing in the Tibetan alpine grassland. Global Change Biology, 19, 637—648.
https://doi.org/10.1111/gcb.12065

Yao, X., Zhang, N., Zeng, H., & Wang, W. (2018). Effects of soil depth and plant-soil interaction on
microbial community in temperate grasslands of northern China. Science of the Total Environment,
630, 96-102. https://doi.org/10.1016/j.scitotenv.2018.02.155

Ye, F., Ma, M. H., Op den Camp, H. J. M., Chatzinotas, A., Li, L., Lv, M. Q., Wu, S. J., & Wang,
Y. (2018). Different recovery processes of soil ammonia oxidizers from flooding disturbance. Microbial
Ecology, 76, 1041-1052. https://doi.org/10.1007/s00248-018-1183-3

14



73. Yu, X., Polz, M. F., & Alm, E. J. (2019). Interactions in self-assembled microbial communities saturate
with diversity. The ISME Journal, 13, 1602-1617. https://doi.org,/10.1038/s41396-019-0356-5

74. Yu, Y., Wu, M., Petropoulos, E., Zhang, J., Nie, J., Liao, Y., Li, Z., Lin, X., &
Feng, Y. (2019). Responses of paddy soil bacterial community assembly to different long-
term fertilizations in southeast China. Science of the Total FEnvironment, 656, 625—633.
https://doi.org/10.1016/j.scitotenv.2018.11.359

75. Zeng, J., Liu, X., Song, L., Lin, X., Zhang, H., Shen, C., & Chu, H. (2016). Nitrogen fertilization di-
rectly affects soil bacterial diversity and indirectly affects bacterial community composition.Soil Biology
& Biochemistry, 92, 41-49. https://doi.org/10.1016/j.s0ilbio.2015.09.018

76. Zhalnina, K., Dias, R., de Quadros, P. D., Davis-Richardson, A., Camargo, F. A., Clark, I. M., Mc-
Grath, S. P., Hirsch, P. R., & Triplett, E. W. (2015). Soil pH determines microbial diversity and compo-
sition in the park grass experiment. Microbial Ecology, 69, 395-406. https://doi.org/10.1007/s00248-
014-0530-2

77. Zhang, X., Johnston, E. R., Liu, W., Li, L., & Han, X. (2016). Environmental changes affect the
assembly of soil bacterial community primarily by mediating stochastic processes. Global Change
Biology, 22, 198-207. https://doi.org/10.1111/gcb.13080

78. Zhou, J., Kang, S., Schadt, C. W., & Garten Jr., C. T. (2008). Spatial scaling of functional gene
diversity across various microbial taxa. Proceedings of the National Academy of Sciences, 105,7768—
7773. https://doi.org/10.1073 /pnas.0709016105

79. Zhou, J., Liu, W., Deng, Y., Jiang, Y. H., Xue, K., He, Z., Van Nostrand, J. D., Wu, L., Yang, Y.,
& Wang, A. (2013). Stochastic assembly leads to alternative communities with distinct functions in a
bioreactor microbial community. mBio, 4, €00584-12. https://doi.org/10.1128/mBio.00584-12

80. Zhou, J., & Ning, D. (2017). Stochastic community assembly: Does it matter in microbial ecology?
Microbiology and Molecular, 81,00002-17. https://doi.org/10.1128/MMBR.00002-17

3

Figure 1 . Bacterial community composition at phylum level across different degradation levels in grassland
1 (A ) and grassland 2 (C ); Pearson correlation between relative abundance of dominant phyla and soil
nutrient contents in grassland 1 (B ) and grassland 2 (D ).

There were six levels of degradation in grassland 1 and five levels of degradation in grassland 2, which are
represented by numerical indices. The magnitude of the number represents the level of degradation. A
smaller numerical index indicates a lower degradation level.

The red blocks in heatmap represent positive correlation and the blue blocks represent negative correlation.
Ry kxn kR represent significant correlations with P values less than 0.05, 0.01, and 0.001, respectively.
TP, total phosphorous TN, total nitrogen; TK, total potassium; OM, organic matter.

Figure 2 . Bacterial community dynamics in response to grassland degradation. The proportions of unique
species of different phyla in communities across the degradation levels in grassland 1 (A ) and grassland
2 (B ); The proportions of enriched and deleted species of different phyla in communities across different
degradation levels in grassland 1 (C ) and grassland 2 (D ); Heatmap showing correlations between the
relative abundances of the top 30 predictive operational taxonomic units (OTUs) and nutrient contents in
grassland 1 (E ) and grassland 2 (F ).

The magnitude of the number represents level of degradation. A smaller numerical index indicates lower
degradation level.

The enriched (depleted) OTUs indicated that the relative abundance of OTUs in degraded grassland regions
was significantly higher (lower) than that in the region with the least degradation level.

The red blocks in heatmap represent positive correlation and the blue blocks represent negative correlation.

R e @RI represent significant correlations with P values less than 0.05, 0.01, and 0.001, respectively.

Figure 3 . Variation in niche breadth and niche overlap of phyla under grassland degradation. The mean
niche breadths (Z-score-transformed) of members in each phyla across the degradation levels in grassland 1
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(A ) and grassland 2 (B ); The mean niche overlaps (Z-score-transformed) of members in each phyla across
the different degradation levels in grassland 1 (C ) and grassland 2 (D )

Figure 4 . Assembly patterns of bacterial communities under grassland degradation. Patterns of between-
community nearest taxon index (BNTI) across different degradation levels in grassland 1 (A ) and grassland
2 (B ). Horizontal dashed lines indicate upper and lower significant thresholds at +2 and -2, respectively;
The correlations between ses. MNTD values of phyla and synergic soil nutrient content (Z-score-transformed)
in grassland 1 (C ) and grassland 2 (D ), respectively. PB indicates community members belonging to
Proteobacteria and Bacteroidetes, OUT-PB indicates all community members excluding Proteobacteria and
Bacteroidetes.

Figure 5 . Correction between the average amounts of KO genes within each species and ses. MNTD values
of communities.

Figure 6. Conceptual model of response strategies of bacterial communities under grassland degradation.
In the conceptual model, stochasticity dominates the assembly processes of bacterial communities in response
to grassland degradation with mild/continuous resource changes. Along the degradation gradient, the mem-
bers (mainly Proteobacteria and Bacteroidetes) with r - strategy gradually increase to improve community
productivity and opportunity, while other members with K - strategy (mainly Acidobacteria, Actinobacteria,
and Chloroflexi) decrease due to adjustment due functional redundancy for enhanced community efficiency.
A balance in community betweenr - and K - strategies facilitates adaptation to resource disturbance under
grassland degradation.

Grassland regions Proteobacteria Proteobacteria Bacteroidetes Actinobacteria Acidobacteria ~Gemmatimonadete

Grassland 1 Grassland 1

1 7774166 ab 7774166 ab 327449 ab 504+36 ¢ 478+19 ¢ 137+19d
2 721+£58 a 721+58 a 286442 a 534+39 ¢ 462426 be 120+14 ¢
3 815448 b 815448 b 311£39 ab 418450 b 446434 be 103+6 b
4 825476 b 825476 b 348444 abc 367437 a 426448 b 97+8 b

5 842+53 b 842453 b 359457 be 344424 a 437+28 be 10247 b
6 811+24 b 811+24 b 396165 ¢ 326+34 a 307+44 a 8446 a
Grassland 2 Grassland 2

1 824429 a 824429 a 348440 a 467449 b 476+37 b 148+7 b
2 845465 ab 845465 ab 350+63 a 473434 b 494425 b 141+14 b
3 838446 ab 838446 ab 344451 a 504451 b 469+15 b 14245 b
4 895438 b 895+38 b 410+64 a 352421 a 391444 a 111420 a
5 817+73 ab 817+73 ab 400+£27 a 319438 a 343469 a 105+14 a

Table 1 . Species number (richness) within different phyla in the grassland regions with different degradation
levels.

Note: Different lowercase letters in the same column represent a significant (P < 0.05) difference in species
richness within each phylum in different regions of degraded grasslands in grassland 1 and grassland 2. The
magnitude of the number represents the level of degradation. A smaller numerical index indicates a lower
degradation level.

Table 2. Correlation between alpha diversity and mean nearest taxon distances (ses. MNTD) of different
phyla.

Members in different groups  All members All members All members  All members excluding Proteobacteria/Bacterc

Grassland 1  Grassland 1  Grassland 2 Grassland 1
Richness -0.423* -0.717* -0.717* -0.587*
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Members in different groups  All members All members All members All members excluding Proteobacteria/Bacterc

Shannon -0.721* -0.931* -0.931* -0.833*

Note: “*” represents a significant (P < 0.05) correlation between alpha diversity (richness/Shannon index)
and ses.MNTD values of different groups in grassland 1 and 2, respectively.
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