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Abstract

As scientists are confronted with increasingly massive datasets from observations to simulations, one of the biggest challenges
is having the right tools to gain scientific insight from the data and communicate the understanding to stakeholders. Recent
developments in web technologies make it easy to manage, analyze, visualize, and share large data sets with the public.
Web technologies, intelligent systems, artificial intelligence, and virtual and augmented reality techniques provide advanced
capabilities for big data analytics, knowledge discovery and smart communication platforms. This talk provides an overview
of developments in web systems for hydrological analysis and communication, and presents real-world applications of these

techniques in water resources and disaster mitigation.
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|OT & DATA STANDARDS

Sample figures from highlighted projects. Please check references for details.
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Overview of the watershed delineation implementations
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SCIENTIFIC COMPUTING
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DATA ANALYTICS
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DATA PROCESSING

Set of 256x256 GAN-Generated Satellite River Imagery. Across these
64 images, the final results show highly realistic river satellite imagery with
little to no flaws in image quality. Specifically, this set of images was generated
by the last checkpoint (iteration #96,000 for the 256x256 generation block of
the PGGAN).



Time of Affected Individual Tweets
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Temporal progression of affected individuals and infrastructure tweets by area.

On average, Blue areas tweeted before, orange areas tweeted during, and green
areas tweeted after Hurricane Irma.



RAINFALL METADATA BROWSER
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HELP
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- What is the weather forecast for lowa City?
- Show me stage data for naarest sensor?
What does estchmaent ares mean?
= How many stream semsors are there in lowa City watershed?

What is the weather forecast for lowa City?

It will be partly cloudy in lowa City.

Show me stage data for nearest sensor

Here is the S-day graph of nearest gauge (USG5, 03434300) t lowa City

Flood Al II

‘What is the upstream area of my community?

Upstream Area; 870 sq mi

wihat will be the weather forecast for lowa City?

It will be partly cloudy in lowa City.

What is drainage basin?

A drainage basin or catchment basin is an extent
or an area of land where all surface water from
rain, melting snow, or ice converges to a single
point at a lower elevation, usually the axit of the
basin. where the waters join another body of
water, such as a river, lake, reservoir, estuary,
wetland. sea. or ocean.

How many stream sensors are there in lowa City
watershed?

There are 45 stream sensors in lowa City (lowa
River) watershed

Show me stage dala for nearest sensor?

Here is the 5-day graph of nearest gauge (USGS:
05454500) at lowa City ®
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Instant messaging interfaces integrated to Flood Al chatbots.
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relevant data layers (i.e. stream gauges, rain gauges, hydro stations for groundwater and soil moisture

data, estimated flood damages for current or forecasted flood scenarios, and traffic congestion).
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ABSTRACT

As scientists are confronted with increasingly massive datasets from observations to simulations, one of the biggest challenges is
having the right tools to gain scientific insight from the data and communicate the understanding to stakeholders. Recent
developments in web technologies make it easy to manage, analyze, visualize, and share large data sets with the public. Web
technologies, intelligent systems, artificial intelligence, and virtual and augmented reality techniques provide advanced
capabilities for big data analytics, knowledge discovery and smart communication platforms. This talk provides an overview of
developments in web systems for hydrological analysis and communication, and presents real-world applications of these
techniques in water resources and disaster mitigation.
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